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It is well recognised that unemployment is known  
to have negative consequences on health and  
wellbeing and vice versa but this is not a  
consistent picture. Based on a meta-analysis of 42 studies 
adjusted for age and other covariates, unemployment was 
associated with a more than three quarter mortality risk for men 
and over a third for women. This review also interestingly noted 
the different mortality rates related to unemployment, 
dependent on the age and stage of the person, with less effect 
for those in their late career.  
  
While many studies have focused on specific disabilities, there 
has been far less work completed on the impact of having 
different combinations of disabilities e.g. dyslexia and mental 
health challenges compared to the impact if only one is present. 
This may be a very important factor when focusing on specific 
groups in terms of knowing level and type of support. 
  
Ultimately, gaining employment has to be the target for most 
people of working age and is certainly the focus of the Welfare to 
Work providers tasked with achieving this. Finding out what 
ǇǊŜŘƛŎǘǎ ǎǳŎŎŜǎǎŦǳƭ ŜƳǇƭƻȅƳŜƴǘ Ƙŀǎ ōŜŎƻƳŜ ǘƘŜ ΨƘƻƭȅ ƎǊŀƛƭΩΦ Not 
surprisingly seeking factors more malleable to intervention such 
as job searching skills, CV writing has been mainly considered and 
less focus on those relatively fixed (e.g. where you live, child care 
responsibility) but may in fact be of interest to know. 
  
In this Special Edition we focus on how Profiler is already 
providing insight into the world of those seeking employment. 
We are grateful to our clients for allowing us to share details of 
this exciting project, which we hope will provide inspiration to 
those seeking to improve their ability to place individuals into 
employment, irrespective of their background. 
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Do-IT is grateful to Rehab JobFit for allowing us  
to use their statistics as the basis for this infographic. 

Editorial - Measuring readiness for work 

The challenge measuring the construct of 
ΨǊŜŀŘƛƴŜǎǎ ŦƻǊ ǿƻǊƪΩΣ ƛǎ ǘƘŀǘ ƛǘ ƛǎ ƴƻǘ ŀ ǎǘŀǘƛŎ ǇƛŎǘǳǊŜ 
but a movable feast dependent on many factors 
that may be independent of each other or may 
interact with one another such as: 
  
Å Time, e.g. how long the person has been 

unemployed 
Å Age and gender of the participant 
Å The self-awareness of the individual of their 

skills and opportunities for the workplace 
Å Their perception of ready to interview 
Å The willingness and commitment of the 

individual to change 
Å The needs of the individual to change 
Å The ability to ask for assistance, and knowing 

how to access this help 
Å Support network e.g. family models of working 

practice; child care support 
Å The setting they live in e.g. employment 

opportunities. 
 

Mediating factors for success may also vary 
depending on the specific health condition the 
person is experiencing, and the level of support 
they have or think they could access. However, for 
some the disability may not be the greatest 
challenge and the person may have shown 
resilience overcoming challenges in their lives. 
 

Collecting the data, analyzing it and drawing 
conclusions has been till recently difficult to do 
quickly, efficiently and on a large scale.  
 
This is especially problematic when trying to integrate 
information from multiple sources, e.g. self-report, 
advisor report, assessment of skills and job outcomes.  
  
Where this approach has been undertaken, it has 
usually been very labour-intensive requiring some 
manual data entry, so as a consequence the numbers 
can be small and often the research 5-6 years old 
when eventually published.  
 
Results and conclusions from one country at one 
point in time, with a set of systems of assessment, 
diagnosis, health care systems and service delivery 
models for employment may in reality not be very 
helpful for other countries because of a lack of 
contextualisation. Having active and usable data to 
inform action and measure outcomes accurately has 
been elusive till now. 
  
In the field of health and wellbeing much of the 
research relating to unemployment with those with a 
disability either considers one specific group such as 
considering those with depression or back pain. 
Alternatively, the data studied may represent a group 
of individuals with varying disabilities, but all placed 
ƛƴ ƻƴŜ ƎǊƻǳǇ ǎǳŎƘ ŀǎ ǘƘƻǎŜ ŀƭƭ ǿƛǘƘ Ψ ƭŜŀǊƴƛƴƎ 
ŘƛŦŦƛŎǳƭǘƛŜǎΩ όōǳǘ ƴƻǘ ǎǇƭƛǘ ƛƴǘƻ ǎǳōƎǊƻǳǇǎ ǎǳŎƘ ŀǎ 
Autism, dyslexia, dyspraxia, and ADHD) assuming they 
have similar challenges and similar outcomes- which 
cannot be assumed or is true! 
  
There remain few randomised controlled trials with 
sufficient numbers to draw conclusions on differing 
models of practice.  

We cannot assume the 
experiences of someone 
with back pain are similar 

to those with a panic 
ŘƛǎƻǊŘŜǊ ŦƻǊ ŜȄŀƳǇƭŜ Χ 
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Editorial - Real world data 

We know different providers get varying results but 
working out why this is remains difficult to do. Missing 
links and information can lead to false assumptions. Is 
success down to a good advisor; a well-planned 
service; systems in place to target support in the right 
place to the right person? Is there data there to work 
this out? 
 
Challenges come at all levels in an organisation.  
 
Å Advisor knowledge of different conditions to know 

how to make adjustments 
ÅMethods and choice of engagement with the 

candidate initially 
Å Skills, confidence and competence measures of the 

candidate being supported 
Å Consistent practice in terms of screening and 

support 
Å Consistent data collection 
Å Accurate records of actions taken to be able to 

compare interventions 
ÅMonitoring tools not only into work but also once 

in work to measure and predict outcomes 
 
Barriers to success can start at the beginning of a                                                                         
journey into work. 
 
Å If literacy is a barrier, then reading the letter sent 

to a person with an invitation to attend may mean 
some fall at the wayside early on and result in 
being sanctioned. (N.B. You need to have a reading 
age of around 12-13 years to read the word 
sanction!) 

Å If communication is a challenge, then phoning or 
talking to an advisor may be difficult to do and 
cause anxiety or avoidance.  

Å If using a computer is new and unfamiliar then 
unless the system is accessible this may mean the 
person turns away from support. 

  
 
 
 

There are a number of tools which have been 
ŘŜǾŜƭƻǇŜŘ ŀǎ ΨǉǳƛŎƪ ŀƴŘ ŘƛǊǘȅΩ ƳŜŀǎǳǊŜǎ ƛƴ ƻǊŘŜǊ ǘƻ 
create markers for readiness for return to work 
(RTW)/employment. One of these measures 
developed in Canada reported the psychometric 
properties had been established (in 758 individuals) 
but Braathen Ŝǘ ŀƭ όнлмпύ ƴƻǘŜŘ ǘƘŀǘ άǇǊƻǎǇŜŎǘƛǾŜ 
associations between the scale and work outcome 
ǿŜǊŜ ƴƻǘ ƛƴǾŜǎǘƛƎŀǘŜŘέΦ 
 
The challenge is linking the two ends of the data 
together from the start of the journey into 
employment and then linking this to job outcomes. 
In this same paper, the authors also looked at the use 
of this scale adapted for a Norwegian population. 
¢ƘŜȅ ƳŀŘŜ ŀ Ǉƻƛƴǘ ǘƘŀǘΥ άtŜǊǎƻƴŀƭΣ ƘŜŀƭǘƘ ŀƴŘ ǿƻǊƪ 
related factors should be controlled for, because they 
have been associated with work participation in 
ŜŀǊƭƛŜǊ ǎǘǳŘƛŜǎ ŀƴŘ ŎƻǳƭŘ ōŜ ǇƻǘŜƴǘƛŀƭ ŎƻƴŦƻǳƴŘŜǊǎέΦ 
However, it may be these factors are contributing to 
outcomes and also there may be an assumption that 
ǘƘŜ ǇŜǊǎƻƴ ǿƛǘƘ ŀ Řƛǎŀōƛƭƛǘȅ ŘƻŜǎƴΩǘ ŎƘŀƴƎŜ ƻǾŜǊ ǘƛƳŜ 
and are not affected by the environment they are 
placed in.  
 
This paper was published in 2014 paper using data 
from 2008/2009 relating to 119 people. The groups 
were variable in a number of ways with reasons for 
not working related to a number of factors including 
60% with musculoskeletal disorders, 28% with 
ǇǎȅŎƘƻƭƻƎƛŎŀƭ ŘƛǎƻǊŘŜǊǎΣ ŀƴŘ ммΦт҈ ǿƛǘƘ ΨƻǘƘŜǊΩ 
ŘƛǎƻǊŘŜǊǎΦ ¢ƘŜ ƎǊƻǳǇΩǎ ŀƎŜ ǊŀƴƎŜŘ ŦǊƻƳ му ς 67 years 
with 58% of the sample over 45 years. There were 74 
women in the sample compared to 45 men. The 
conclusions drawn were based on the whole group. 
While this study is robust in much of its design and 
delivery, the authors found some of their findings 
ǿŜǊŜ ŘƛŦŦŜǊŜƴǘ ǘƻ ƻǘƘŜǊǎ ŀƴŘ ǘƘŀǘ ά! ǇŜǊǎƻƴΩǎ 
readiness for RTW must be conceptualized as the 
result of his or her interactions with the systems 
involved in RTW; the workplace/labor market, the 
ƘŜŀƭǘƘ ŎŀǊŜΣ ǘƘŜ ƛƴǎǳǊŀƴŎŜ ǎȅǎǘŜƳ ŀƴŘ ǘƘŜ ŦŀƳƛƭȅΦέ 
There must be a question mark over the conclusions 
when you have such a disparate group being 
represented. We cannot assume the experiences of 
someone with back pain are similar to those with a 
panic disorder for example, or that an 18-year-old 
fresh out of school has similar experiences to 
someone with a disability and unemployment at 55 
years of age! 
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Using Do-IT Profiler analytical system and recent modelling has provided for the first time quantitative evidence 
ƻŦ ǘƘŜ ƛƳǇŀŎǘ ƻŦ ŘƛǾŜǊǎŜ άƛƴŘƛǾƛŘǳŀƭ ŎƘŀǊŀŎǘŜǊƛǎǘƛŎǎέΦ ¢Ƙƛǎ ƛƴŦƻǊƳŀǘƛƻƴ ŀƭƭƻǿǎ ŎƭƛŜƴǘǎ ǿƻǊƪƛƴƎ ƛƴ ǘƘŜ ²ŜƭŦŀǊŜ ǘƻ 
Work sector to plan services and more confidently predict outcomes. 
 
There are two levels to data analysis ς big data creating predictive analytics and individual data understanding 
the individual in the context of their lives. This information is intertwined. One informs the other.The specific 
needs of each person will be unique to their strengths, challenges and their life setting. The factors concerning 
ǘƘŜƳ ǿƛƭƭ ŀƭǎƻ ōŜ άŘȅƴŀƳƛŎέ ƛΦŜΦ ŎƘŀƴƎƛƴƎ ƻǾŜǊ ǘƛƳŜΦ 
 
That means that the apparent impact of one area will be dependent upon a number of areas. However, the data 
ǇǊƻǾƛŘŜǎ ŀ ƎǊŜŀǘŜǊ ŀōƛƭƛǘȅ ǘƻ ǎǘŀǊǘ ǘƻ ΨŦƭŀƎΩ ŘƛŦŦŜǊŜƴǘ  Ψŀǘ ǊƛǎƪΩ ƎǊƻǳǇƛƴƎǎ ƛƴ ƻǊŘŜǊ ǘƻ ǎǘŀǊǘ ǘƘŜ ǘǊƛŀƎŜ ǇǊƻŎŜǎǎ ŀƴŘ 
plan group interventions. 
 
The results shown in this bulletin have been produced as a consequence of the development of complex 
algorithms developed by Do-IT Profiler that borrow principles from the statistically advanced fields of credit 
ratings, genetics and stock market predictions. 
 
They have specifically been adapted  to this emerging field to be used for predicting outcomes in the field of 
those seeking employment.This  data has allowed us to develop further models and a more thorough means of 
investigation into the needs of the individual, identify training requirements, and improving analytics in 
relationship to predicting job outcomes. 

 

Caveats 
Every agency and every individual has different characteristics. There are many 
factors involved, and it is important to measure the change in attitudes and skills as 
a consequence of the support given. It would be inappropriate to suggest that 
results from one organisation necessarily apply to the clients of another. However, 
this data supports the principles of using this approach to aid planning. 

Data can help deliver  
better job outcomes 

 
The need for an ecological approach to assessment for determining readiness for employment needs encompass 
variability. In reality unitary measures while helping to categorise individuals, where there is a need, can lead to false 
assumptions.  
 
We can end up making assumptions based for example on the 65% of over 50s who are digitally challenged or 
conversely the 35% digitally confident.  
 
!ǎ wƻōŜǊǘǎ ŀƴŘ tǊŀǘǘ όнллтύ ǎŀƛŘ ά!ƴ ŀǎǎŜǎǎƳŜƴǘ ƻŦ ǊŜŀŘƛƴŜǎǎ ǎƘƻǳƭŘ ƴƻǘ ǊŜǎǳƭǘ ƛƴ ŀ ΨȅŜǎΩ ƻǊ ΨƴƻΩ ŘŜŎƛǎƛƻƴ ŀōƻǳǘ ǘƘŜ 
provision of employment services. Instead, it should result in a well-developed plan that includes all of the services 
ǘƘŀǘ ŀƴ ƛƴŘƛǾƛŘǳŀƭ ƴŜŜŘǎ ǘƻ ŀŎƘƛŜǾŜ Ƙƛǎ ƻǊ ƘŜǊ ŜƳǇƭƻȅƳŜƴǘ ƎƻŀƭΦέ  
 
¦ƴŘŜǊǎǘŀƴŘƛƴƎ ǘƘŀǘ ǘƘƻǎŜ ǘƘŀǘ ŀǊŜ ǳƴŜƳǇƭƻȅŜŘ ǊŜǇǊŜǎŜƴǘ ŀ ΨŦǊǳƛǘ ōƻǿƭΩ ǊŀǘƘŜǊ ǘƘŀƴ ƻƴŜ ǘȅǇŜ ƻŦ ŀǇǇƭŜ ƻǊ ǇŜŀǊ ŀƴŘ 
embracing technology to garner and interpret this information and deliver the person-centred approach that is so 
often mentioned is the next step and now possible to do. The technology can provide tools to assist- a good car helps 
a good driver get from A to B. With automatic gears it can also allow the driver to concentrate more on the road in 
front of him or her and less time worrying what is going on under the bonnet. 
 
Using Do-IT Profiler analytical system and recent modelling has provided for the first time quantitative evidence of 
ǘƘŜ ƛƳǇŀŎǘ ƻŦ ŘƛǾŜǊǎŜ άƛƴŘƛǾƛŘǳŀƭ ŎƘŀǊŀŎǘŜǊƛǎǘƛŎǎέΦ ¢Ƙƛǎ ƛƴŦƻǊƳŀǘƛƻƴ ŀƭƭƻǿǎ ŎƭƛŜƴǘǎ ǿƻǊƪƛƴƎ ƛƴ ǘƘŜ ²ŜƭŦŀǊŜ ǘƻ ²ƻǊƪ 
sector to plan services and more confidently predict outcomes. 
 
There are two levels to data analysis ς big data creating predictive analytics and individual data understanding the 
individual in the context of their lives. This information is intertwined. One informs the other. The specific needs of 
each person will be unique to their strengths, challenges and their life setting. The factors concerning them will also 
ōŜ άŘȅƴŀƳƛŎέ ƛΦŜΦ ŎƘŀƴƎƛƴƎ ƻǾŜǊ ǘƛƳŜΦ 
 
That means that the apparent impact of one area will be dependent upon a number of areas. However, the data 
ǇǊƻǾƛŘŜǎ ŀ ƎǊŜŀǘŜǊ ŀōƛƭƛǘȅ ǘƻ ǎǘŀǊǘ ǘƻ ΨŦƭŀƎΩ ŘƛŦŦŜǊŜƴǘ  Ψŀǘ ǊƛǎƪΩ ƎǊƻǳǇƛƴƎǎ ƛƴ ƻǊŘŜǊ ǘƻ ǎǘŀǊǘ ǘƘŜ ǘǊƛŀƎŜ ǇǊƻŎŜǎǎ ŀƴŘ Ǉƭŀƴ 
group interventions. 
 
The results shown in this bulletin have been produced as a consequence of the complex algorithms developed by 
Do-IT Profiler that borrow principles from the statistically advanced fields of credit ratings, genetics and stock 
market predictions. 
 
They have specifically been adapted to this emerging field to be used for predicting outcomes in the field of those 
seeking employment. This data has allowed us to develop further models and a more thorough means of 
investigation into the needs of the individual, identify training requirements, and improving analytics in relationship 
to predicting job outcomes. 
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Home Challenges 

¢ƘƻǎŜ ǿƛǘƘ ƭƻǿ ƭŜǾŜƭǎ ƻŦ άƘƻƳŜ 
ŎƘŀƭƭŜƴƎŜǎέ όScore 8 in the graph) 
compared to those who have  
high levels (Score 1 and 2) are  7x  
more likely to have a job. 

WHAT DOES THIS MEAN? 
How can you find a job if you are constantly 
struggling to manage balancing home life? There 
could be any number of factors, from juggling 
childcare to caring for an elderly family member, 
ƻǊ ǘƻ ƳŀƴŀƎƛƴƎ ƻƴŜΩǎ ƻǿƴ ŎƘŀƭƭŜƴƎŜǎ ǊŜƭŀǘƛƴƎ ǘƻ ŀ 
disability. Clearly these factors will all have a 
significant impact upon job outcomes.  
 
Not surprisingly the results show a clear 
relationship between those who do not have 
management issues and getting employment. 
 
To what extent can you (as an agency or as an 
individual) solve the issue that interferes with job 
searching? 
 
Having identified those with problems, you can 
start to probe to understand the sources and aid 
assistance e.g. informing about local childcare 
etc. 

Those in red do not have a job.  
Those in blue have a job. 
1= low confidence 
8= high confidence 

QUESTION 
ά5ƻ ȅƻǳ ƘŀǾŜ ǇǊƻōƭŜƳǎ ƳŀƴŀƎƛƴƎ ƘƻƳŜ ƛǎǎǳŜǎ  

!b5 ƭƻƻƪƛƴƎ ŦƻǊ ŀ ƧƻōΚέ 
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Mental Health and Dyslexia 

The impact of mental health AND  
Dyslexia on gaining job outcomes 

Key Message: 
It is important to understand the profile 
of the individual candidates to ensure 
you are providing appropriate support. 
However, not everyone comes neatly 
labelled. Training needs to be provided 
for all staff relating to potential mental 
health challenges. 

In 2084 candidates 54% reported one or 
more mental health conditions and 13% 
reported learning difficulties such as 
Dyslexia. 
 
They were followed through to job 
outcomes who reported any of the 
following: panic attacks, anxiety, 
depression, dyslexia. 
 
The results of this showed that those 
ǿƛǘƘ 5ȅǎƭŜȄƛŀ ŀƭƻƴŜ ŘƛŘƴΩǘ ŘŜŎǊŜŀǎŜ 
their job outcomes significantly but if 
this was present alongside mental 
health challenges it showed a much 
greater burden in gaining a job.  

DID YOU KNOW? 

From a sample of 2500 Work Choice candidates. 
MH= Those reporting anxiety, depression or panic attacks 

* Difference between the two lowest groups  

Got a  job 

No MH or Dyslexia 

IMPACT 
FACTOR 2x 
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QUESTION 
ά5ƻ ȅƻǳ ŎƻƴǎƛŘŜǊ ȅƻǳ ƘŀǾŜ ǎǳŦŦƛŎƛŜƴǘ Ƨƻō ƛƴǘŜǊǾƛŜǿ ǎƪƛƭƭǎΚέ   

Those in red do not have a job.  
Those in blue have a job. 
1= low confidence 
4= high confidence 

In a sample of over 1300 individuals, 70 thought 
they had poor or very poor interview skills, and 
100 thought they had good interview skills. 

Did you know that individuals  

with good interview skills are  6 times  

more likely to have a job?    

Only 1 in 16 of those who 
thought they had poor interview skills 
had a job. 

But 1 in 3 of those who thought 
they had good interview skills had a job. 

WHAT DOES THIS MEAN? 
Upskilling people with interview skills could result 
in placement of another 26 individuals into jobs.  
 

 
 

Do-IT Profiler can tell you WHO they are quickly and 
accurately and provide tools and resources to help.  

 

Confidence in interview skills  



How much does considering appearance when 
going to an interview impact on job outcomes? 

Those reporting little interest in 
their appearance when 
responding to: άMy appearance is 
not something I think about very 
much when going for an 
interview or to a social eventΦέ 
showed differences in 
employment outcomes with 
5.5% reporting this gaining a job 
ŎƻƳǇŀǊŜŘ ǘƻ млΦр҈ ǿƘƻ ŘƛŘƴΩǘ 
get a job. 
 

In a sample of 2500 Work Choice 
candidates. 
1= no interest; 
2= little interest; 
3= some interest; 
4= very interested.  

QUESTION 

Your appearance at interviews 

Do-IT is grateful to Rehab JobFit for allowing us  
to use their statistics as the basis for this infographic. 

Key Message: 
Self report can influence 
outcomes and can be used  
to target intervention and 
provide support. 



Key Message: 
 
Those with good help seeking 
  
behaviour are up to 10x  
 
more likely to gain a job. 

*Those in red do not have a job.  
*Those in blue have a job. 

Confidence in asking for help when 
needed reflects a confidence and 
motivation to change. It also presents 
as a measure of recognising help in 
the gaps in gaining employment. 
 
If you know you have a specific 
challenge and can ask for help you  
are likely to be much better off than 
those who potentially recognise 
ǇǊƻōƭŜƳǎ ōǳǘ ŘƻƴΩǘ ŀǎƪ ŦƻǊ ƘŜƭǇ ƻǊ  
do anything about it. 
 
There is an interesting correlation 
between asking for help and job 
outcomes. This may be related to 
levels of motivation as well as linked 
to confidence and will be further 
explored with other measures in  
later bulletins. 
. 

QUESTION 
ά!ǊŜ ȅƻǳ ŎƻƴŦƛŘŜƴǘ ŀōƻǳǘ ŀǎƪƛƴƎ ŦƻǊ ƘŜƭǇ  
ŀƴŘ ǎǳǇǇƻǊǘ ǿƘŜƴ Ƨƻō ǎŜŀǊŎƘƛƴƎΚέ 
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Confidence in asking for help can  
make a difference to job outcomes 

Do-IT is grateful to Rehab JobFit for allowing us  
to use their statistics as the basis for this infographic. 



Matrix Reloaded 

aŀǘǊƛŎŜǎ ŀƴŘ ǘƘŜƛǊ ǊŜƭŀǘƛǾŜǎ ŀǊŜ ǳǎǳŀƭƭȅ ǎŜŜƴ ŀǎ άthe 
ability to reason and solve problems involving new 
information, without relying extensively on an explicit 
base of declarative knowledge derived from either 
schooling or previous experienceέ ŀƴŘ ǘƘǳǎ άrefers to 
the ability to deal with novelty, to adapt one's thinking 
to a new cognitive problemΦέ ό{ŜŜ ōŜƭƻǿΦύ 
 
To solve these puzzles, the literature is far from clear. 
Some suggest that it is about a global/holistic strategy, 
or using feature analysis. Others suggest it uses global 
followed by feature analysis. However, it would seem 
more logical from a cognitive perspective (at least 
according to this author), that both Global AND Feature 
Analysis are implemented at the same time. The one 
ǘƘŀǘ ƛǎ ƛŘŜƴǘƛŦƛŜŘ ƛƴ ǊŜǎŜŀǊŎƘ ŜȄǇŜǊƛƳŜƴǘǎ ƛǎ ǎƛƳǇƭȅ άŦƛǊǎǘ 
Ǉŀǎǘ ǘƘŜ ǇƻǎǘέΦ  
 
The contention that there can be a practice effect is 
highly significant. Consider that publishers such as Bond 
list types of non-verbal reasoning strategies, web sites 
suggest practicing before you do it for real, and 
researchers has shown the impact of providing solution 
as they go through. So how can publishers claim that 
ǘƘŜǎŜ ǘŜǎǘǎ ŀǊŜ άŎǳƭǘǳǊŜ ŦǊŜŜέΦ /ƭŜŀǊƭȅ ǘƘŜȅ Ŏŀƴƴƻǘ ōŜΦ  
 
Interestingly, being told what the rules are does help, 
but it does not mean you will remember it next time. 
But you will know there is a rule somewhere. So are you 
being test on your rule discovery capability or your 
memory? 
 

Factors of Odd One Out 

Using a data set of 2627 individuals (Alpha = 
0.92), I was curious to see if the items would all 
appear on the same factor.  
 
Analysis suggested that three factors produced 
the best outcomes. Factors one and two were 
very clear, with 12 and four items appearing 
uniquely on these respectively. The third was 
more dispersed, with no item having a value 
above 0.50. Interestingly, neither of the 
questions with highest uniqueness values 
appeared in any of the factors. The cumulative 
variance was 0.43. 

We have been asked on a number of 
occasions by our clients to include a form 
ƻŦ άƳŀǘǊƛŎŜǎέ ǿƘƛŎƘ ƭƻƻƪǎ ǘƻ ǘŀǇ ǎƻƳŜ 
form of non-verbal reasoning. On these 
pages we offer a brief review of the types, 
challenges, and potential in certain 
circumstances. 

From Factor 1 From Factor 2 

Clearly one factor is NOT about mirror images. 
Further investigations are attempting to identify 
the strategies used which define the factors. For 
more example, see the webinar. 

Cognitive processes used in matrices 
There is no definitive answer as to what contributes to 
solving matrices. However, a survey of the literature 
suggests there are three main approach, as shown in the 
diagram here. It is the combination of these that will 
influence the ability (or difficulty) in theses tasks, 
Consequently, without removing the influence of one or 
more aspects, if it difficult to be clear what is the real skill 
or difficulty. 

Reference: Carpenter, P. A., Just, M. A. & Shell, P. (1990). What one intelligence test measures: A theoretical 
account of the processing in the Raven Progressive Matrices Test. Psychological Review , 97: 404-31. 



Matrix Reloaded 

The webinar (7 February 2017) 
http://doitprofiler.com/about-us/science-and-media-library/webinars/ 

Rule Explanation 

Constant in a 
row 

The same value occurs throughout a row, but 
changes down a column.  

Quantitative 
pairwise 
progression 

A quantitative increment or decrement occurs 
between adjacent entries in an attribute such as 
size, position, or number.  

Figure 
addition or 
subtraction 

A figure from one column is added to 
(juxtaposed or superimposed) or subtracted 
from another figure to produce the third.  

Distribution of 
three values 

Three values from a categorical attribute (such 
as figure type) are distributed through a row.  

Distribution of 
two values 

Two values from a categorical attribute are 
distributed through a row; the third value is null.  

Simple progression 

3D solution 

Pattern matching 

Mirror / Rotation 

This is one of the 
more common 
forms of matrices. 
Strategies can be 
identified in the 
Carpenter et al. list 
on the left. 

The Carpenter et al list of strategies for 
solving matrices 

Comparisons of 
difficulty become 
problematic with 
different forms. 
Averaging across 
types may hide 
certain skills and 
talents. 

This is a common 
test for younger 
individuals, with 
or without 
rotation of the 
objects. 

Understanding predictive validity 

Why do we uses matrices? What to they tell us? With the 
caveats suggested on these pages, they are used to suggest 
underlying skills. But there has to be a genuine relevance to 
suggest that matrices predict X, Y or Z. We can quantify that 
by looking at historical records. For example, if you have data 
that correlates matrices with maths, then you could quote a 
predictive validity. When I compared a Profiler maths test 
with scores from Odd-One-Out, I found a correlation of less 
than 0.2. So it is not predictive. Unfortunately this type of 
test is being used widely for recruitment. Yet few test the 
skills of those already doing the job. Consequently one has to 
ǉǳŜǎǘƛƻƴ ǘƘŜ άǇǊŜŘƛŎǘƛǾŜ ǾŀƭƛŘƛǘȅέ ƻŦ ǘƘŜ ǘŜǎǘΣ ƻǊ Ǉǳǘ ŀƴƻǘƘŜǊ 
way, how can you create a selection system that measures 
ability for which there is no knowledge of what the job 
needs. 

Mirror or rotation 
of object are often 
ǳǎŜŘ ƛƴ άƳŀǘǊƛȄέ 
type tests. 
However, are they 
solving problems or 
visual skills. 

Examples of non-verbal 
reasoning tests 



Although it is not quite the same question (I could write a 
whole book chapter on misperceptions about 
percentages who are dyslexic!) I decided to investigate 
dyslexia percentages from a self-diagnosis in different 
clients within Profiler, and chose two diverse groups: 
Welfare to Work and South African vocational colleges. 
Results are shown below. As you can see, the percentage 
reported for the UK are roughly in line with expectations. 
.ǳǘ ǘƘŜ ǊŜǎǳƭǘǎ ŦƻǊ {ƻǳǘƘ !ŦǊƛŎŀ ŀǊŜ άƻŦŦ ǘƘŜ ǎŎŀƭŜέΦ {ƻ 
given a little insight into each of these cohorts, what can 
we deduce from each. 
 
The Welfare to Work cohort is those seeking 
employment. Indeed this cohort has been identified as 
more complex that usual, and possibly difficult to place. 
To have a percentage roughly in line with the 10% 
advocated by the BDA would seem reasonable. But surely 
this unemployed potentially difficult to place group 
would have a higher percentage of dyslexia. There is not 
doubt that the large amount of awareness raising over 
the past 20 years has ensured dyslexia has become a 
mainstream concept. But for the older individual the 
concept will still be foreign to them, and having been told 
for decades they are stupid, maybe they are not 
considering they could be dyslexic. 
 
There is also the question of familiarity with the term. Of 
course, it is not just about the label. There is also the 
notion of the acceptability that one may have a 
άŘƛǎŀōƛƭƛǘȅέ ŀƴŘ ƛƴ ǎƻƳŜ ǎŜŎǘƛƻƴǎ ƻŦ ǘƘŜ ŎƻƳƳǳƴƛǘȅ ƻǊ 
culture, this may still be an issue and should not be 
ignored when trying to reconcile figures such as these. 

As to South Africa, where the percentage is so low 
as to be almost beyond statistical analysis, the 
main issue is that the term is almost unheard of in 
South Africa. So it is hardly surprising that only 4 
out of more than three thousand self-reported as 
dyslexic. The irony here is that the SA government 
does offer financial aid to dyslexic students. To 
get that funding, you need to have an official 
document to say you are dyslexic. And to get that 
document, you have to suspect you may be 
dyslexic in the first place. Note that although 
multilingualism in South Africa makes dyslexia 
diagnosis more difficult, the percentage will still 
be the same in all languages. It is just that the 
number of referrals for confirmation may be 
larger. And of course, the number qualified to 
identify the multilingual dyslexic is very small.) 
 
When it comes to gender ratios, the South African 
data is to small to be significant. But the Welfare 
to Work gender ration was 1.5, which clearly 
needs further analysis, to identify if it is a real 
difference or if it is due to the vagaries of self-
reporting. 
 
In summary, there are clear distinctions between 
the UK and South Africa, and more work needs to 
be done to publicise dyslexia in that country. 
However, we should not assume that figures for 
the UK as robust just because they are close to 
expectation. Instead, we should continue to 
identify possible barriers to self-identification, 
including age, gender and perceptions of 
disabilities. 

* Source: http://www.bdadyslexia.org.uk/about 

According to the British Dyslexia Association*  

ά¢Ŝƴ ǇŜǊŎŜƴǘ όмл҈ύ ƻŦ ǘƘŜ ǇƻǇǳƭŀǘƛƻƴ ŀǊŜ ŘȅǎƭŜȄƛŎΤ п҈ ǎŜǾŜǊŜƭȅ ǎƻΦέ  

But is that true across all populations and of other countries? 

Percentages of dyslexia 

Percentages of self-identifying dyslexics from two contexts 



Bullying in Schools in South Africa 

Female Male Total 

N = % N = % N = % 

No 131 52.6 103 18.6 234 52.9 

Yes a 
little 

73 29.3 55 9.9 128 28.9 

Yes a lot 45 18.1 35 6.3 80 18.1 

Total 249 100 193 100 442 100 

Editor: Hi Jace. Firstly, why research bullying? 
JP: There has been a lot of research on bullying in 
schools in South Africa, including my own work. But 
the situation changes over time. For example, cyber 
bullying is becoming an issue, but not reflected in 
research until recently. We need up-to-date 
information to inform decision-making in schools. 
 
Editor: Why Profiler? 
JP: The diversity of factors investigated is often limited 
due to the time taken to gather and code data. With 
budgets becoming tighter, we need to be highly 
efficient and effective. Profiler allowed us to 
customise the questions, gather data using a well-
tried system, and have access to data instantly. Also, 
importantly, results were available immediately to 
ǎŎƘƻƻƭǎΣ ƪŜȅ ǿƘŜǊŜ ǘƘŜǊŜ ǿŜǊŜ άŀǘ Ǌƛǎƪέ ŎƘƛƭŘǊŜƴΦ 
 

Prof Jace Pillay of the University of 
Johannesburg, is currently 
researching bullying in schools, using 
tablets loaded with Profiler. Data has 
now been collected, and analysis has 
started, though publication is some 
months away. However, here are a 
few numbers, and briefly reasons 
why Prof Pillay (JP) opted for using 
Profiler to aid his research.  

Editor: Why tablets? 
JP: Tablets in research is a new concept to South 
Africa, but there is no doubt they are the future for 
rapid data collection, especially in hard to access 
locations. With the Profiler tablet version, the app did 
not required internet connection. All we did was 
upload data every night. And the kids loved to play 
with the tablets, often being their first experience of 
this exciting data collection (and learning) format. 
 
Editor: What next? 
JP: Let us not pre-empt what we shall find in the data. 
The snapshot below shows the first layer. But our 
focus is to identify the impact of bullying on literacy 
learning and the cognitive processes that underpin 
reading and writing. And this will inform our next 
research, using Profiler on tablets of course.  
 

Bullying  
Descriptive stats 

Below is the bullying data broken down into male and female.  
There appears to be not significant bias in any of the areas.  
However, further analysis is required. 



Profiler Analytics Blog 

At the beginning of this year I started a blog on Profiler Analytics, which was designed to provide our clients 
with background information as to how we develop some of our modules, as well as provide open access to 
some of the psychometric properties of the tests. I also use it to some extent to support (either before or after) 
my webinars. 
 
But what I find most interesting is that just occasionally I start to write something, and am surprised and 
delighted as to the direction it goes and what I found out along the way. 
 
IŜǊŜ ŀǊŜ ǘƘŜ ƻƴŜǎ L ŎƻƴǎƛŘŜǊ ǘƻ ōŜ άaȅ ¢ƻǇ ¢Ŝƴέ ǎƻ ŦŀǊ όƴŜǿŜǎǘ ŀǘ ǘƘŜ ǘƻǇύΦ 
 

Å There are percentages and percentages, probably 
Å Typing data 
Å Know your strengths 
Å The Matrix Reloaded 
Å How to upset a data scientist? 
Å Dyslexia causes global warming 
Å Our data ς Welfare to Work 
Å Parliamentary hearing 
Å Calculating Age Equivalence 
Å Reading Comprehension 

www.profileranalytics.com 

Forthcoming webinars 
Presented by Dr Ian Smythe 

Does IQ predict reading and spelling scores? 
Tue, March 7  7:00 PM 
Registration: www.dotr.im/07Mar17 
 
The problems of testing reading fluency 
Tue, April 11, 2017 7:00 PM 
Registration: www.dotr.im/11Apr17 
 



Projects with Purpose 
Guest commentary 

Projects with Purpose really value Do-IT Solutions 
approach to sharing the data and the subsequent 
insight gained. As the welfare to work market reforms, 
there is a call to action from policy makers for 
evidence based service designs. Profiler data analysis 
can be used to both influence and enable; 
commissioners to shape local markets and 
organisations to better understand their service users.  
 
Operationally, service provision delivering public 
services and government commissioned contracts 
continue to be pressured to demonstrate greater 
efficiencies, more outcomes of a better quality. 
Additionally, the merging of the work and health soon 
to be follow in 2020 with a combined Health and 
Social Care agenda.  
 
We know this data and insight is needed to meet the 
challenge of how to address these issues. Very 
specifically using the data to fill sector knowledge gaps 
to aid bridging the gap between Health and Work.  
 

Timing is everything!   
 
Do-L¢Ωǎ ƎǊƻǿƛƴƎ Řŀǘŀ ǎŜǘǎ ŀŎǘƛǾŜƭȅ ŘŜƳƻƴǎǘǊŀǘŜ ǘƘŜ 
links and patterns between Health and Work and how 
this plays out for the service users. The Work and 
Health Green paper proposes a 10-year strategy and a 
will force the health sector to recognise an 
employment outcome as a health outcome.  
 
The opportunity we have right now is to use the data 
to develop pilot programmes and services, to grow an 
evidence base of what works and in turn inform 
decision makers, helping them achieve their 
objectives over the coming years.  
 
  
 

Examples in this bulletin demonstrates the impact that 
mental health and dyslexia have on gaining job 
outcomes. There are societal routes to issues like this 
and pose the question of when diagnosing either 
condition that there are affective enough checks for 
co-occurrence/ co-morbidity. With this insight we can 
develop better and more effective and sustainable 
solutions for service users. 
 

PWP Commitment  
 
Projects with Purpose intend on working in 
partnership with Do-IT Solutions as we are keen to 
know more about what the data is telling us both 
structured and unstructured and use it in the design of 
creative services that better meet service user needs. 
 
As an active response to the Work and Health Green 
paper, over the next couple of additions of the 
research bulletin we would like to work with Do-IT 
Solutions in taking a deeper dive in too: 
 
What are the barriers people with Chronic pain are 
facing in relation to living independently and securing 
or returning to employment? Is there a coloration of 
mental health conditions as found with people 
dyslexia?    
 
What is the data telling us regarding the known 
challenges for independent living and working for 
people who are on the Autism spectrum?   

Call to Action  
  

What insight would you be 
interested in exploring in relation to 
your Sector/ customer base?  
 
What are you looking to 
demonstrate and why? 
         
Responses to: 
maxine@projectswithpurpose.co.uk  
amandak@doitprofiler.com 
 



Partnerships 

Projects with Purpose 
Project with Purpose is a partnership of specialists working in the field of welfare to 
work, disabilities and into employment. Together they provide bespoke services for their 
diverse clients. With more than five years of experience with Profiler, they clearly 
understand its potential, which is why Profiler is seen as part of their solutions. 

www.projectswithpurpose.co.uk 


